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Attribute -based model[Lampert et al., CVPR "09]
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Attribute -based model[Rohrbactet al., CVPR "10]
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Direct similarity-based mode[Rohrbachet al., CVPRLO]
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Direct similarity-based mode[Rohrbach et al., CVPR 10
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Direct similarity-based mode[Rohrbach et al., CVPR 10
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Attributes vs. direct similarity
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Attributes vs. direct similarity
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Attributes vs. direct similarity
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Attribute -based mode[Rohrbachet al., CVPRLO]
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Direct similarity-based mode[Rohrbach et al., CVPR 10
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Outline

ADataset & measures

Amprove attributebased knowledge transfer
1. Importance of parameteselection
2. New measures
3. Combining measures
4. Expanded attribute inventory
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Experimental Setup

AAnimals with attributes dataset
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Semantic Relatedness Measurg®hrbach et al., CVPR "10]
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Semantic Relatedness Measurg®hrbach et al., CVPR "10]
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Semantic Relatedness Measurg®hrbach et al., CVPR "10]
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Outline
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Importance of Parameter SelectionResults
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Yahoo Near Results
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Yahoo Snippets Results
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Combined Semantic Relatedness Measu+r&esults
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Expanded Attribute Inventory
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Expanded Attribute Inventory
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Expanded Attributenventory - Results

APerformancamproves S0%  70%
Aln all cases fully supervised
Wikipedia
p Yahoo Img
ANo. of expanded attributes  Fiickr img
A164 Yahoo Near

Yahoo Snippets
median attribute ranks

ACluster associations binary Mean AUC

ANo threshold to pick m orig attributes (mean over [0.1 0.3])

m expanded attributes

o,
&85 TECHNISCHE
S8&//=\ UNIVERSITAT

PNA 2010 | Combining Language Sources & Robust SR for Attrémed Knowledge Transfer | Marcus RohrbadA | El6/
b2/ 90 DARMSTADT




Classifier Fusion

ASo far: Known
Almproved training classes
classattribute
associations (cyan) Classattribute

associations

Attribute
s Cans) Come) Comn) (5
AR /|

Classattribute
associations

Unseen
test classes

774 TECHNISCHE
(/=) UNIVERSITAT
%) DARMSTADT




Classifier FusionResults
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Classifier FusionResults

ASo far:

Almproved
classattribute
associations (cyan)

ANow:

Known , = A2
training classes SACHE Sl aa e

Classattribute
associations

White

ACombine attribute Attribute / \yice it White
classifiers of different | classifiers (fgeqy, =\ (Wikk /X| (Yahoo ;x| X
measures pedig) Img)

AProduct of Classattribute
probabilities associations

Unseen
test classes

<7\ TECHNISCHE
(& UNIVERSITAT
j - DARMSTADT




Classifier FusionResults
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Thankyou!

# additional images from known classes in test set

Questions?

Software?
http ://lwww.mpi -inf.mpg.de/~rohrbach/
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